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Algorithm 9 KNN-TRAIN- LOO(D)
- K M verrg 0, V1<k<N-1 /] erry stores how well you do with kNN
R = forn =1to N do
5 Smo (||xn — xml||,m), Vm £ n // compute distances to other points
# S < sorT(S) /1 put lowest-distance objects first

s <o /I current label prediction
« fork=1t0 N—1do
(dist,m) < S

J= G+ ym // let kth closest point vote
if ¥ # v then
erry <—erry + 1 // one more error for kNN
end if
= end for
= end for

1y return argming erry // return the K that achieved lowest error
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Algorithm 10 BOOTSTRAPEVALUATE(y, §j, NumFolds)

1« scores < [ ]
. for k = 1 to NumFolds do
5 truth <[] // list of values we want to predict

g pred <[] // list of values we actually predicted
s forn=11to Ndo
m < uniform random value from 1 to N // sample a test point
truth < truth & yy // add on the truth
pred < pred @ Gy, /1 add on our prediction
« end for
. Scores <— scores B F-SCORE(truth, pred) // evaluate
« end for

= return (MEAN(scores), STDDEV(scores))




